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A Sim-to-Real Integration Pipeline for Training and Deployment of Chunk-Based VLA
Manipulation Policies

Mathilde Kappel®, Clémence Grislain®, Mohamed Chetouani, Olivier Sigaud,Louis Annabi, Faiz Ben Amar, Stéphane Doncieux, Mahdi Khoramshahi
Institute of Intelligent Systems and Robotics, CNRS, Sorbonne University, Paris, France

Abstract: A sim-to-real pipeline for deploying expert trajectories in open-loop for VLA training and performing closed-loop inference with the trained policy on real-world hardware.
Code: : https.//qitlab.isir.upmc.fr/kappel/sim2real _public_chunk _control/, Contact : kappel@isir.upmc.fr and grislain@isir.upmec.fr
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