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Introduction Method

* Unmanned Aerial Manipulators (UAMs) utilize direct contact (e.g. We develop a downwash dynamics model to train an RL policy to push a ball towards a goal.
arms, cables) for manipulation.
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* Action space: 10 Hz position setpoints.
 Reward terms: dense ball progress rewards,
sparse goal reward, sparse crash penalty,

dense setpoint jitter penalty.
* Optimizer: PPO.
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* We design and demonstrate a drone soccer task, where the drone - /

must actively utilize downwash to perform manipulation. T € SE(3): Local-to-world transform e : [0 0 1]
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Results
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